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A survey of personalized recommendation algorithms
SHI Yuan
('School of Computer Science, Xi‘an Shiyou University, Xi‘an 710065, China)
[ Abstract] In order to better solve the complex problem of information overload, personalized recommendation system comes into
being and effectively solves this complex problem. At present, personalized recommendation system has been widely used and
concerned in China. This paper systematically studies and summarizes various personalized recommendation system algorithms in the

current international academic circles, summarizes the existing personalized recommendation system algorithms in the world, and
focuses on its advantages and disadvantages, different recommendation algorithm performance and evaluation indicators. Finally, this

paper focuses on the future research focus, difficulties and some hot issues of recommendation system.
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Tab. 1 Advantages and disadvantages of various recommendation algorithms
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