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Application and research of UAVimage mosaic technology
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[ Abstract] UAV remote sensing technology is favored in many fields because of its high flexibility, small size, high timeliness,
low cost and low risk, such as reconnaissance information, urban planning, aerial photography, disaster relief, mapping and so on.
However, a single image can not meet the actual needs. In order to expand the field of view to obtain the panoramic image of the
region, it is often necessary to join two or more adjacent images. In this paper, the research status and problems of UAV image
mosaic technology are briefly described, and the methods of UAV image preprocessing, image registration and image fusion are
discussed in detail. Finally, the future development of image mosaics and some improvement direction is proposed to provide some

reference for the image mosaics technology in a deeper level.
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Fig. 1 Image mosaic flowchart
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Fig. 2 Extreme point detection in scale space schematic
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Fig. 3 Generation of SIFT descriptor
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