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An image denoising algorithm based on median filtering and
improved threshold function
ZOU Qian, LU Anjiang, LI Chunhong
(College of Big Data and Information Engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] With the advent of the information age and the emergence of various smart devices, people often obtain information
through images. But the images are more or less affected by noise during the transmission process, which will cause people to be
more or less affected by the image content. Deviations in understanding will also have an unavoidable impact on the post—processing
of the image. Usually, there are many kinds of noise contained in an image, and traditional image denoising adopts a single method,
which cannot remove the mixed noise in the image well. Therefore, this paper proposes a comprehensive image denoising method
based on median filtering and wavelet transform with improved threshold function. It is simulated with matlab2016a. After comparing
with other methods in the aspect of subjective visual and objective analysis, the denoising effect of proposed method is better than a

single algorithm.
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Fig. 1  Wavelet transformation multi — discrimination analysis

denoising process
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Fig. 2 Denoising effect of a single algorithm on salt and pepper

noise

(a) JFHREMER (D) HERMEA (o) /NBEME  (d) PfEZMR

SEES % &
(a) Original (b) Image with (c) Image (d) TImage after
image salt—and— wavelet aftermedian
pepper noise denoising denoising filter

B3 B—HENSBHIRESNERIRE
Fig. 3 Denoising effect of a single algorithm on Gaussian noise
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Fig. 4 The algorithm flow of this article
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Fig. 5 The denoising effect of different algorithms on mixed noise

images
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Tab. 1 SNR after denoising by different algorithms
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