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Network iterative identification method based on model combination
DING Linze, XI Juanxia

(Information Management and Engineering College, Guangdong Neusoft University, Foshan Guangdong 528200, China)

[ Abstract] The current commonly used multilayer neural network optimization algorithm can only obtain the local extreme value,
and the algorithm performance is related to the initial value.At the same time, the correlation between the parameters obtained by the
network and the actual task is very fuzzy. A network iteration method (LDKB) based on model combination is proposed, so as to
realize the relationship combination between models at a small speed, and realize the improvement of model accuracy and correlation
output enhancement. The LDKB method references the concept of the PDCA cycle working method to complete the automatic
iteration between the models. At the same time, in the forward propagation process of data flow in the training model, the output
information comparison and elimination method is used to eliminate the learning information of non—important BP neural network,
so as to improve the pruning fault tolerance in the cycle process.The results show that compared with a single decision tree model,
LDKB continuously improves the recognition accuracy of LDKB model compared with the single neural network model.
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Tab. 1 Decision tree iteration section

Acc means AUC Gini count
1 21.69 DT 0.494 -0.012 6 970
2 21.85 DT 0.61 0.219 6 970
3 63.6 DT 0.656 0.399 6 970
4 71.9 DT 0.835 0.463 6 970
5 72.13 DT 0.835 0.47 6 970
6 70.01 DT 0.833 0.466 6 970
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Tab. 2 Clustering iteration node

amount quality ratio
I 2 0.9 1.47
2 3 0.9 13.59
3 4 0.7 2.60
2.1.5  FAPLPLETRIY

ABFFETE BP WZRIGER 1Y S P i 3R T 2 R I
ZEEIT T 4 FERZETIT IR s Wk 3,

7 3 FH] LDKB BE7E BP 4575 rd 285 3 AU
MERLE R, RS W RSP R 1
H g R R S8 400 T AN, Al AR A3 e vk HY
YERZE B, A H AR A58 4 B AN & M
2R P SAFTEAPAR I BCR RO o SRR R
K2 PR,

*3 BPRMBERTEH

Tab. 3 BP network iteration node

Train Acc Test Acc ROC
FRERIA
1" 100 100 1 1
DU R 4 TR
1 69.2 68.6 0.857 0.809 0.849 1
2 71.4 72 0.891 0.845 0.864 1
3 73 72.4 0.902 0.853 0.878 1
=R LU
1 97 96.5 0.927  0.987 1
2 96.9 97 0.944  0.991 1
3 96.9 97.1 0.936  0.990 1
4 96.8 97.3 0.930  0.989 1
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Fig. 2 Identification result output
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