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Optimal differential privacy K-medoids clustering algorithm
based on density weights

WANG Shengjie, WU Zhaoxia
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[ Abstract] As an important kind of clustering algorithm in data mining, the combination of K-medoids algorithm and differential
privacy protection helps the security of information data. However, the original K-medoids clustering algorithm based on differential
privacy protection is still blind and random in the selection of initial centroids, which reduces the clustering effect to some extent. To
address this problem, an optimal differential privacy K-medoids ( DWDPK-medoids) clustering algorithm based on density weights
is proposed to determine the initial centroids and the number of clusters of the algorithm by introducing the knowledge of data density
weights to improve the clustering effect and stability. The security analysis shows that the algorithm satisfies —differential privacy
protection; the simulation experimental results on real UCI datasets show that the algorithm has better clustering effect and stability
than DPK-medoids under the same privacy budget.
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