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The electronic medical record entry system based on task-oriented dialogue system
CHENG Luyi, WANG Zhijun
('School of Computer Science and Technology, Donghua University, Shanghai 201620, China)

[ Abstract] The electronic medical record contains clinical information in multiple domains. There are large amount of scenarios
with data entry within these domains. However, using the keyboard to input data in some scenarios is inconvenient, including
recording pathological examination records and hospitalization records. In response to this situation, the paper designs a task—oriented
dialogue system to complete both the data entry task and the automatic structural task through human-machine dialogue. Current
speech recognition and dialogue system technology suffer from cascading errors. Consequently, a modification stage is added after
the initial input, allowing the users to change the attribute with the voice. Due to the poor scalability of the current system, it is hard
to meet the demand of extracting new attributes without changing the structure of the model. The scalable dialogue state tracking
model is designed to train newly added attributes without changing the structure of the model. Experiments are conducted on two
different scenarios. The result shows the system is effective and scalable.

[ Key words] task—oriented dialogue system; voice interaction; electronic medical record; information extraction

(1) AR, AR T8 8 A5 A )

0 3 & S AMAR R TR % T SO A

WA S B RSt v T D e R B v
FEEN T TRZ N T R D AR 22l 55 40
SR RAE B, A THEEE 11 (20 2eyric s fEBei2
JRCTRAE, NI K BIRRAF SR A5, BT EZ
sel EA AT TRMAG R B3 N
TEAE RS AR AT DL 10 . 70 IS 25 3
S T BEAE TR AR BROAG A I STl Ay e vk P
BT RAGEAER S T R T AT E S RH
TP E AU , B I ) s [ PR A A T 3445

I AR SCHE A R S A 7 R A T e
RN, AN TARRRAES 0N 2 8, H—2
SEE R U R A SO 5 AR B,
RSO TEERIAL AT S REA JE 1k R P E R =
TG, BRI, X IETTEEATAE—LE A PR PR )L

EF BN BeBEH) (1993-) , J W05 A, ERHTI51 : HRES

FEO7 ) R AE BUIR S B E 5 BAR,
WHEE, FEE
s BEA: 2022-03-02

Email ; zjwang@ dhu.edu.cn

B, ABGERFE T8 B 0 A A T SO IR R
EOIH 3 T 1 AT 20RO — B

(2) BEDRGRE . AT Ry RS S A Oy
TEBIBCR AL A B4 8 pipeline B 77 1k 2377 A
FERGUPE A, G EURZ SRABCRAE

(3) ALY JerEzs, T AT B 0T Ik 2R R
PESEAT 780 N5 A n] LA T 8 Al 3k LA H]
B LR AR

BT _EIARR ASSCBT T — R TAE 55 B
RO BRI ARG, B TR THE
55 BXHE R G AT E A H )73 BERE L A T o B
TEE KA T FRAE A B SR AR
fll b, 800 T 2R B, i o TR X R
A LR U R A A5 R AT A1 IE 3R 1 T —Fb

ARPR-XUE R GE ; FARFE(1973-) 5 Wi, RISz, A A S 0, 3 2

KR L BEE L ¢ F A5 b x A




59 1]

FEdk o), 55 FETALS BUXE RGEH B T D 4 M AL sk A RGTiit 51

BT r 9 AR A IB ER AR ARG 2w P A — B
RE R, R #EATH B, A SO BIRG A il 5
R MEBESI T IL R R A Sy P AT T, S
WAL T RGERIA RN ERAT Y

1 REEN

RGO R A A L TS R G =
S, SRS AN A 1 BTN TR R G g
P TR U HORe T i e 40 SO
W ORI A JS i AT 55 BUXT G R4, RO SR
B JR PR A R G B, — i ik 2 i
P TS & R HO R GEE B st & , R
B B4 o PR B St A7 B | IR I 2 R P T
—HReIEA . PLEGREEROR TR GERIR N A4
ARSI A SO i/ 1 i i ) 2 i ) 5080

g ¢ — R
B o — frran] B

E1 REEMEEY

Fig. 1 Overall architecture of the system
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Fig. 2 Architecture of the data entry stage
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Fig. 3 Architecture of the modification stage
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Tab. 1 Annotation method of modification stage
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Fig. 4 Architecture of the dialogue state tracking module

Tab. 2 Annotation method of categorical slots
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Tab. 3 Annotation method of non—categorical slots
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