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Research on instruction set multi-label classification based on BERT model
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[ Abstract] The instruction classification can effectively identify the category of the instruction and extract the key information in

the instruction, which helps the compiler developer to quickly construct the code related to the back—end instruction of the compiler

and reduce the time cost. Aiming at the shortcomings of traditional text classification models, this paper proposes an instruction

description text classification method based on the BERT pre—training model. After data cleaning and preprocessing, based on the

BERT pre—training model, a text multi—label classification model is researched and constructed. The experimental results show that

the method proposed in this paper has a good classification effect on instruction text classification.
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Tab. 1 Classification of instructions
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Fig. 3 Dataset example graph
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Compare the contents of GPR rs and GPR 1t assigned integers; if GPR

rs is not equal to GPR rt, then take a Trap exception.

[CLS] Compare the contents of GPR rs and GPR rt assigned integers
[SEP] if GPR 15 is not equal to GPR rt [SEP] then take a Trap
exception[SEP]
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GPR 1s is not[M] to GPR rt[SEP] then take a [M] exception[SEP]
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Fig. 4 MLM task dataset construction flowchart
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