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[ Abstract] De Novo Indel is an important form of de novo mutation, and it is closely related to the occurrence of a variety of
human diseases. With the development of high—throughput sequencing technology, using high—throughput data to detect De Novo
Indels has become routine. However, due to the sequencing errors and the reads alighment errors, existing detection methods usually
yield high error. This paper proposes a new De Novo Indel detection method based on Adaboost. This method is designed to filter De
Novo Indels detected by common De Novo Indel detection methods, which can significantly reduce the false discovery rate without

sacrificing the sensitivity.
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Fig. 1 The work flow to detect De Novo Indels
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Tab. 1 Description of selected sequence features to detect De Novo Indels
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Tab. 2 Comparison of De Novo mutation detection methods
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