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[ Abstract] With the growing cultural and material needs of the people, tourism is booming. The phenomenon of overcrowding in
major tourist attractions has also appeared, which has caused great trouble to the management of relevant departments. With the
increasing popularity of big data technology, a large number of tourism related data have been generated. This paper attempts to
optimize the BP neural network model to predict the change of passengers flow in a period of time, so as to provide reference for the
management department to formulate management strategies and emergency measures. Through the analysis of empirical results,

using genetic algorithm to optimize BP neural network can predict the passengers flow more accurately.
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Fig. 3 Training state of GA—BP neural network
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Fig. 4 Optimization effect of BP neural network
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Tab. 3 Forecast results of passengers flow in Xiamen

Fif i) PR BP BRTME  BP BUBBIRE  GA-BP BB GA-BP BRI %
20194 7 A 1103.44 693.34 -410.10 1139.22 35.78
20194 8 A 1085.75 681.95 ~403.80 1.035.00 -50.75
2019 4 9 A 765.53 633.63 -131.90 748.72 -16.81

2019 4F 10 A 854.67 661.47 -193.20 754.07 ~100.60
2019 4F 11 A 767.94 610.36 -157.58 744.05 -23.89
2019 4 12 A 781.10 615.36 -165.74 727.63 -53.47
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Tab. 4 Model accuracy test index
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