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Images inpainting forensics fused with attention mechanism and FCN
SHEN Wanli, ZHANG Yujin, WANG Yongqgi, HU Wan, SUN Ran, GUO lJing
(School of Electronic and Electrical Engineering, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] Image inpainting forensics is a challenging problem in the field of digital image forensics. In order to maintain the
visual smoothness of the image after inpainting, the inpainting method based on sample blocks is often used to fill the tampered part.
This paper proposes an image inpainting forensics method that combines the attention mechanism and Full Convolutional Neural
Network (FCN). First, deep feature extraction is performed on the inpainting image, and then the final feature map is weighted to
obtain the most effective feature maps and improve the detection effect. In order to verify the feasibility of the method in this paper,
a repaired image database is created, and the performance of the proposed forensics network is evaluated through different
performance indicators.
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Fig. 2 Overall network structure diagram



5 8 1 WITH, %, MEEEHNS FCN WEGEE BGIE 147
. WK AR F, BRI (eU) %
2

2.1 KIGHEEMEIL

AR SCBIEE T 455 2 000 K/ K 256%256 F (4
PG fE 2 UG EEE E . %50 1 s 2 X8R
ASEUMIEAR B X IR b7 A 2% ~40% , SEER Rl L
PEFE 1 600 3K T4, 400 kTR, A SCH
(RIS A RUAR K /Nl 224 %224 | IR I 2 K 0 His e
FUGR/NEE BT S 224 %224 AR U R & 2 1A
GRIEEE % ER FEINGREA R B R XS AH R T
RAE S XA/ W5 v SR IR AE ST AR Ry 4 2
PR, FHREAILES B ok AR R S 4, 2] Rk
BN e R EEE N 0.9, EE R E N 5,
batch — size WEE N 8,
22 KWERS5HH

AR SCE X R (e 2 BRI AT T8 &2 46 R e
A, BAR AT AR & 3 frs . mIE 3 "TLUE 1,
RIS A I 418 A2 IX 3 R A, AR S TR ATh Bk i
8 2 Ay 1 b 67 1 A DX

(a) ER KR

(b) BL{EHERE

(c) TP
B3 EEEREHTHALER

Fig. 3 Visualized results of inpainting images
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