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Research on sentiment analysis of Danmaku based on text mining
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Northwest Minzu University, Lanzhou 730030, China)

[ Abstract] With the advent of big data and new media era, the trend of short video and short commentary are becoming more and
more popular. Compared with ordinary video commentary, Danmaku have stronger emotional tendency and contain rich emotional
value. This paper intends to study the emotional classification of Danmaku, According to Dalian University of Technology emotional
vocabulary, performs manual data annotation of the crawled BiliBili Website Danmaku, realizes full extraction of Danmaku text
information. Sentence semantic features using Bert pretrained language model with recurrent convolutional neural network BiLSTM_
CNN. Therefore, softmax function is used to classify the emotion of Danmaku texts. The classification accuracy reaches 84.6%,
which is a significant improvement compared with the traditional model.
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Fig. 1 The movie “Midnight Bell” bridge
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Tab. 1 Danmaku display
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Tab. 4 Parameters setting of the model

SR SHIE
Word2Vec_dim 300
BERT_dim 768
Word2Vec_pad_size 42
BERT_pad_size 61
Hidden_size 128
Num_filters 128
Filters_sizes 2,3,4
Optimizer Adam
Loss Cross_entropy
Epoch 15
Dropout 0.5
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Tab. 5 Experimental results %
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Tab. 6 Accuracy of each sentiment category %
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It 89.38 89.38 89.38
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15 91.43 76.19 83.12
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