2022 £ 8 A
Aug. 2022

®12% $8H 2 B8 it E M5 M A

Vol.12 No.8 Intelligent Computer and Applications

XEHS: 2095-2163(2022)08-0123-06 HESES: TN929.5 MNEFRERS: A

ETREZFINAESEREZHMEER

eSS, BB, RBE, B T, % T, K KN, BSE, IHE, R%E
(1 XBIHENRHERLF, L3 100083; 2 FRitAEAZE HENSEERERZER, BT XK 163318;
3MRRETIRZE HENRMZESRAZER, IB/RIE 150001)

B = SFRSURBE BB B E O L5 BALR) — B R . BT X5 R SCRFELE R AL 4 7 A R JC L 4 ) AL, A<
SCHR T T 2 TIRIE A > 15 [l 0 SRR B IO Y, 5[] 70 28 AR AL 20 S R SCAR 73 2R AN D7 1) JETT 5, 4R 41 17 2 T
LEREJIHLE Y BILSTM BLRIPEA AR 7028 , FE Tl E ) HAN TR~ I R HEA T SO 02 A RO AR T T SCA 0 2R B HERf 8 5
EERTAAAERY B TR M LA R 1) 80, £ 1 3T BILSTM-CRF R J8 2 2] BRI & [R) 2 28, AR AR A TR 25 . 900
W A SO AR R BER AR A 1 FHAE 5 TR SO AR B R | BEAS B2 71 /0 A2 S Al U PR RE

KR GFISUR; ORI ZEAG W

Contract classification and element extraction model based on deep learning
ZHANG Xiaofang', OU Rui’, RAO Panjun', ZHENG Yuan', ZHANG Lei', CHEN Ke', ZHOU Chenlian®,

WANG Haochang® , ZHAO Tiejun’
(1 Taiji Computer Co., Ltd., Beijing 100083, China; 2 School of Computer and Information Technology, Northeast Petroleum
University, Daqing Heilongjiang 163318, China; 3 School of Computer Science and Technology, Harbin Institute of
Technology, Harbin 150001, China)

[ Abstract] The intelligent processing of contract text has become an important demand for enterprise informatization. In response
to the problems of messy, fragmented and irregular contract texts, this paper proposes a contract classification model and element
extraction model based on deep learning. Contract classification is studied from two directions: title classification and text
classification. The BiLSTM model based on attention mechanism is proposed for title classification and the improved HAN model is
proposed for text classification, which effectively improve the accuracy of text classification. To address the existing problem that
contract information is difficult to extract, the BILSTM—CRF model is proposed to identify contract elements to accurately obtain
contract element information. Experiments show that the proposed model can be well applied in contract text processing and can
improve the performance of classification and element extraction.
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